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The Impact of Business Analytics on Strategic Change:
The Moderating Role of Decision Support Systems
A Field Study on Food Import Companies in Amman-Jordan
Prepared by
Zeinab Hammougah
Supervised by
Prof. Dr. Ahmad Ali Salih

Abstract

The study aims to assess the impact of Business Analytics on strategic change,
considering Decision Support Systems as a moderator variable. The study addresses the
Food Import Companies in Amman, Jordan, employing a total of 500 or more individuals
and have capital exceeding 10 million Jordanian Dinars, according to the classification
made by the Amman Chamber of Industry. The study was conducted with six large
companies that agreed to adhere to the study's terms related to capital and employees
number. The study population consists of 490 individuals employed across three
administrative levels: Top Management, Middle Management, and First-Line
Management. The field study applies the method of proportional stratified random
sampling. The sample consisted of 217 managers, while 187 valid questionnaires were
retrieved for analysis. Descriptive statistics and structured equation models were used to

analyze the data and test hypotheses using SMART PLS-4 software.
This study concluded with the following results:

The levels of practice of the three study variables; Business analytics, strategic change,

and decision support systems were (moderate). Moreover, it appeared that there is a direct



XV

impact of business analytics on strategic change, and that when the moderating variable
entered the relationship between the independent variable and the dependent variable it

increased the positive effect of Business Analytics on the Strategic Change.

The field study presented a set of recommendations; of which the most important ones as

follow:

Ensuring a forceful effective utilization of Business Analytics is necessary for the Food
Import Companies and optimize the utilization of DSS across all departments for every
decision and process will contribute to nurturing a culture of innovation and reaching a

higher overall quality of decision-making processes.

Key words: Business Analytics, Strategic Change, Decision Support Systems, Food

Import Companies
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1.1 Introduction:

In the contemporary business landscape, complexity, uncertainty, and dynamic
changes have become intrinsic features of operations. The powerful influence of
globalization resonates globally, particularly in moments of crisis, impacting nations
worldwide, compounded by the rapid march of digitalization and technological
innovation, competition and challenges. Organizations require a rapid adaptation to both
external shifts and internal intricacies. This adaptability is crucial for ensuring their
continuity, survival, and the achievement of their objectives. Aday (2020) In Jordan, a
diverse range of industries bore the brunt of these transformations, a fact emerges by the
COVID-19 pandemic and the Russian-Ukrainian conflict which affected the national
economy. Notably, the sectors deeply intertwined with the import of food and medical
supplies emerged as some of the most profoundly impacted (Baryshnikova et al., 2021;

Laine & Galkina, 2017).

Strategic change is a fundamental and initial factor that underpins the success and survival
of organisations. Strategic change is the implementation of new strategies, the movement
of a company away from its present state towards a desired future state to increase its
competitive advantage. Whether the change to be incremental (evolution) or radical
(Revolution) it depends on many internal and external factors and strategic choices.

(Keister, 2002; Dupouét & Barlatier, 2019; Kirtley & O'Mahony 2023).

Despite the significance of this subject, numerous studies have consistently
highlighted the existence of gaps and assorted challenges within this domain. These
persistent issues demand renewed attention and effective solutions (MacKay & Chia,
2013; Al Eid & Yavuz, 2022). Thus, the need to explore and embrace alternative

solutions, also identifying appropriate approaches, techniques and methodologies to



effectively address these challenges and attain optimal outcomes remains a complex
endeavor. Business Analytics, as underscored by numerous studies, emerges as a pivotal
variable with the potential to significantly impact strategic change (Duan & Li, 2015;

Kunc & O’brien, 2019; Iberaheem, 2023)

Business Analytics entails the systematic application of statistical and quantitative
data analysis techniques to gain insights into business performance. Through its diverse
modes—descriptive, predictive, and prescriptive—it facilitates a profound
comprehension of organizational dynamics. This understanding, in turn, furnishes
invaluable inputs for Strategic Change (Roden et al., 2017; Mikalef & Krogstie 2020;

Duan & Edwards 2020).

To enhance the tangible influence of Business Analytics on Strategic Change, the
identification of a moderator for this relationship has become crucial. Drawing from
insights offered by earlier research, it has become apparent that Decision Support Systems
(DSS) can hold a substantial influence in reinforcing and facilitating the prominent role
of BA within the realm of decision-making. (Talari & O'Brien, 2022; Al Eid & Yavuz,

2022; Alasiri & Salameh, 2020)

Miah (2022) emphasizes that Decision Support Systems (DSS) are computer
applications designed to enhance users' decision-making abilities in the realm of business.
These systems offer a direct bridge between digital technology and decision-makers in
order to select the convenient strategic change decision, eliminating the requirement for
specialized information experts in the field. This aligns with the views expressed by
(Zorrer et al., 2019; Alasiri & Salameh, 2020; Miah, 2022) further solidifying the central
role of DSS in informed Strategic decision-making and achieve the appropriate Strategic

Change.



Food industry especially the food import sector considered as one of the main and
important commercial sectors in Jordan. It has a big role in affecting the Jordanian
economy and food security. Petra (12 /8/2023). The minister of Industry and Trade praises
the role of food sector, viewed in 15/8/2023
(https://www.petra.gov.jo/Include/InnerPage.jsp?I1D=253682&lang=ar&name=news).
Hundaileh & Fayad (2019) also highlighted the need to provide strong solutions and
strategic decisions to protect the local economy and increase its performance. They
confirm backed by reliable statistics that the food sector especially the food processing
sector is one of the most important economic sectors in Jordan that directly affecting the
economy and social development. Their statistics shows that the contribution percentage

1s 25.9% of the net added value within Jordan’s industrial economy.

Based on the above-mentioned insights, this study aims to investigate the influence
of Business Analytics on Strategic Change within the context of the Jordanian
environment and with the presence of Decision Support Systems as a moderating factor,

particularly within the realm of the Food import sector.

1.2 Problem Statement:

In today's dynamic business landscape, characterized by technological
advancements, evolving customer expectations, and global disruptions, such as the
ongoing Covid-19 pandemic and geopolitical tensions like those in Ukraine, the
significance of evaluating the necessity for strategic change in the food and health sectors’

supply chain operations cannot be overstated. (Amuna et al., 2017; Agri et al., 2017).

Jagtap et al., (2022) mentioned that a comprehensive study aimed at understanding

the vital importance for strategic realignment within the food sector’s supply chain


https://www.petra.gov.jo/Include/InnerPage.jsp?ID=253682&lang=ar&name=news

processes will not only address potential inefficiencies but also identify opportunities to
enhance agility, resilience, and cost-effectiveness. Recognizing the significance of such
crises as catalysts for change, previous researchers suggested conducting subsequent
studies to reveal the benefits achieved by the change processes come up with better ideas
and plans for the global food supply chains. This will help us be ready for similar

problems and crises in the future.

In the dynamic realm of business environments, the need to craft strategies for
addressing emerging risks, adapting to evolving conditions, and fostering transformative
functional approaches is evident. Baryshnikova et al. (2021) emphasize the importance
of achieving a balance among internal capabilities, dynamic adaptability, and the ever-
changing external landscape also endorse a systematic approach, highlighting the
significance of identifying drivers of change and challenges. This is followed by thorough

analyses to tailor strategic shifts that improve outcomes.

In this context, MacKay & Chia (2013) advocate for a reorientation of studies on
strategic change to determine the most effective change levels and processes. This
perspective aligns with Dupouét & Barlatier's (2019) inquiry into the most effective

strategies for navigating dynamic environmental changes.

Supporting to this, Iberaheem (2023) recommendation to the need to understand the
company’s current position, envision potential future scenarios, and determine the best

path forward in order to achieve the business objectives.

The ongoing contrast of opting for radical versus incremental strategic change, as
underscored by Keister (2002), remains a determinant of organizational success and
resilience. This inquiry penetrates the heart of the strategic landscape, encapsulating the

delicate interaction of internal dynamics, external influences, stakeholder engagement,



and adaptable change methodologies. The composition of these perspectives lays the

foundation for a comprehensive exploration into the differences of strategic change.

Most theories of strategic change mentioned the importance of firms to invest in their
existing capabilities in order to recognize the need for strategic change and how early-
stage entrepreneurs lacking such investments to make the decision when and how to

change their strategies (Kirtley & O'Mahony 2023).

However, there are a limited number of adequate studies to research this topic

thorough examining the effects and implications.

Christoforidou (2023) further stresses the criticality of directing attention towards
the food industry and economy, particularly within Jordan. This emphasis aims to steer
the adoption of optimal strategic decisions and global trade strategies, thus facilitating a
more effective response to the diverse range of challenges currently being encountered.
Emphasizing the Minister of Industry Trade and Supply's statements “The food trade
sector carries a major commercial significance in the Jordanian economy and in sporting
the strategic inventory”. Petra (12 /8/2023). The minister of Industry and Trade praises
the role of food sector, viewed in 15/8/2023

(https://www.petra.gov.jo/Include/InnerPage.jsp?ID=253682&lang=ar&name=news).

As a conclusion it is clear that the knowledge gap of the current study is summarized
in the limited studies related to strategic issues, including the issue of strategic change in
the food sector, especially in Jordan, and this was supported by previous studies (Aday &
Aday, 2020; Garcia et al., 2020; Salih & Abdul-Majeed, 2017; Rafeeq, 2022; Kloub,
2023). That’s why there is a need to expand the study of this subject and understand its

relationships with other variables also that have not been sufficiently studied, including


https://www.petra.gov.jo/Include/InnerPage.jsp?ID=253682&lang=ar&name=news

business analytics and decision support systems. Accordingly, the current study came to

try to close this knowledge gap in the food import sector in Jordan.

1.3 Study Objectives:

The main purpose of this study is to examine the impact of Business analytics on
Strategic Change with the presence of Decision Support Systems as a moderator in Food

Import companies in Amman —Jordan through accomplishing the following objectives:

1- Determining the level of practicing of the three variables (Business Analytics,
Strategic Change and Decision Support Systems) in Food Import companies in
Amman- Jordan

2- Investigating the impact of Business analytics on Strategic Change in Food Import
companies in Amman- Jordan

3- Diagnosing the moderate role of Decision Support Systems for the impact of

Business analytics on Strategic Change in Food Import companies in Amman- Jordan

1.4 Study Questions and Hypothesis:

Study Questions:

1- What is the level of practicing the business analytics with all its
dimensions (Descriptive, Predictive and Prescriptive Analytics) in Food Import
Companies in Amman- Jordan?

2- What is the level of practicing strategic change (evolution and revolution
change) in in Food Import Companies in Amman- Jordan?

3- What is the level of practicing Decision support systems in Food Import

Companies in Amman- Jordan?



4- Does business analytics impact on the strategic change in Food Import
Companies in Amman- Jordan?

5- Does Decision Support Systems Moderate the impact of Business
Analytics with all its dimensions (Descriptive, Predictive and Prescriptive

Analytics) on Strategic Change in Food Import Companies in Amman- Jordan?
Study Hypothesis:

According to the study problem and its questions, the following hypothesis were

formulated to be tested:

First main Hypothesis

HO1: There is no statistically significant impact of Business Analytics with all its
dimensions (Descriptive, Predictive and Prescriptive Analytics) on Strategic Change at a

level of significance (o > 0.05) in Food Import Companies in Amman- Jordan

The main hypothesis is subdivided into two sub- hypotheses as follows:

HOL1..: There is no statistically significant impact of Business Analytics with all its
dimensions (Descriptive, Predictive and Prescriptive Analytics) on Evolution Change at

a level of significance (o > 0.05) in Food Import Companies in Amman- Jordan

HO1..: There is no statistically significant impact of Business Analytics with all its
dimensions (Descriptive, Predictive and Prescriptive Analytics) on Revolution Change at

a level of significance (o > 0.05) in Food Import Companies in Amman- Jordan.

Second main Hypothesis




HO02: Decision Support Systems does not moderate the impact of Business Analytics on
Strategic Change at a level of significance (o > 0.05) in Food Import Companies in

Amman- Jordan.
The main hypothesis is subdivided into two sub- hypotheses as follows:

HO02..: Decision Support Systems does not moderate the impact of Business Analytics on
Evolution Change at a level of significance (a > 0.05) in Food Import Companies in

Amman- Jordan.

HO02..: Decision Support Systems does not moderate the impact of Business Analytics on
Revolution Change at a level of significance (o > 0.05) in Food Import Companies in

Amman- Jordan.

1.5 Study Importance:

The significance of this study is considering both the Theoretical and practical point

of view:
Theoretical Importance:

The study will provide a conceptual framework on the topics related to Decision
Support Systems, and to be considered as a new topic and study in this subject as it is

very limited especially in Arab region.

It will also help in bridging the gap between Business Analytics and Strategic Change
with the use of Decision Support Systems and enriching the libraries especially in the

Arab region with new study.

Depending on some previous researchers this study can be a good additional

reference where other industries in Jordan can benefit from.
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Practical Importance:

This study may help in providing decision makers with the needed information
necessary in taking appropriate decisions and governance while implementing new
procedures that applies the new learnings from this study about Business Analytics and
Strategic Change with the role of Decision Support Systems as a moderator in Food

Import companies in Jordan.

It may also help decision makers to understand the importance role of Business
Analytics in Food Import or other industries to the best strategic choice to face the

uncertain and dynamic changes.

According to the researcher’s knowledge and depending on the survey on the global
search, this study may be considered as the first of its kind in linking the Decision Support
Systems as a Moderator and examine its impact with Business Analytics (Descriptive,
Predictive and Prescriptive Analytics) on Strategic Change in Food Import Companies in

Amman- Jordan?

This study can benefit the Food Import companies facing Numerous challenges in
deciding the best Strategic choice whether the change to be Evolution or Revolution one

depending on Business Analytics and Decision Support Systems.
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1.6 Study Model:
Independent Variable Dependent
Variable
Evolution
Descriptive > Change
Predictive
Prescriptive Revolution
B
Change

Moderator Variable

Figure 1.2: The Study Model

The model is prepared by the researcher depending on literature and previous studies as

follows:

e Business Analytics (independent Variable): (Duan & Li 2015 ; Lepenioti et

al., 2020; Iberaheem, M. 2023; Duan & Edwards 2020)

e Strategic Change (Dependent Variable): (Kirtley & O'Mahony 2023; Miiller

& Kunisch 2018; Chen et al., 2022).

e Decision Support Systems (Moderating Variable): (O'Brien et al., 2022;

Aldhmour & Eleyan 2012; Al siri & Salameh 2020; Al Eid & Yavuz 2022)
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1.7 Study Limitation:

e This study will be applied at the Food import companies in the city of

Amman, and it may be difficult to generalize it in other industries.

e This study will be applied at the Food import companies in the city of
Amman, and it may be difficult to generalize it in other companies in other

industries.

e This study will be applied in Jordan but can’t be applied in companies in the

same industry outside Jordan.

1.8 Study Delimitation:

e Spatial: In Food Import Companies In the city of Amman
e Humanity: Field of mangers in Food Import Companies in Amman
e Temporal: The Academic year of 2023/2024

e Scientific: The effect of Business Analytics with the presence of Decision

support systems on Strategic Change.

1.9 Operational Definition:

Business Analytics: Is the techniques and processes used to transform data into insight
including the descriptive, predictive, and perspective types of analytics in order to
improve the business and strategic change decision in the Import Food companies in
Amman. It is measured by the degree of individual’s response to the questionnaire

through questions (1-18)
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Descriptive Analytic: Is using historical and current data of Import Food companies in
Amman and analyze it to identify patterns and relationship. Its help in understanding what
happened and what is happening in these companies to provide a good base of data. It is
measured by the degree of individual’s response to the questionnaire through questions

(1-6).

Predictive Analytic: Is the use of data in order to forecast future outcomes of Import
Food companies in Amman. It uses different tools to find patterns for better predicting
future behavior and to provide a view about what could happen and why. It is measured

by the degree of individual’s response to the questionnaire through questions (7-12).

Prescriptive Analytic: Is the use of past trends and performance of Import Food
companies in Amman to determine what need to be done and why to be able to achieve
its future goals. It is measured by the degree of individual’s response to the questionnaire

through questions (13-18).

Decision Support Systems DSS: Is a computerized system use not just to collect data
but also to analyze it in Import Food companies in Amman in order to provide a
comprehensive information to help decision makers in their process to adopt the
appropriate decision. It is measured by the degree of individual’s response to the

questionnaire through questions (37-48).

Strategic Change: Is a strategic decision process in food import Companies in Amman
to make a change and restructure itself internally or externally within its industry for
getting the best opportunities in market in order to archive its objectives. It is measured

by the degree of individual’s response to the questionnaire through questions (19-36).
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Evolution Change: Is an incremental, gradual, and progressive change over time. It
happened step by step not overnight to ensure the survival of organization. It is measured

by the degree of individual’s response to the questionnaire through questions (19-27).

Revolution Change: Is a radical complete, sudden and overhaul renovation. It’s
fundamental and irreversible. This change reshapes and realigns strategic goals. It is
measured by the degree of individual’s response to the questionnaire through questions

(28-36).

Food import companies: Companies responsible for sourcing and procuring food
products from overseas locales. They aim to bring these products into local markets,
facilitating distribution and eventual sale. These companies might operate as both

importers and manufacturer (import certain food to supplement their product lines.
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This chapter is divided into two parts:

e The first section of this chapter will discuss the theoretical framework that contains
of evolution and concept of each variable (Business Analytics, Decision Support
Systems, and Strategic Change) and will end up by explaining the benefits of each

variable.

e The latter section of chapter two will discuss previous studies about the current study

variables, also what differentiates this study from earlier research.

2.1 Theoretical Framework:

2.1.1 Business Analytics

Business Analytics entails the systematic application of statistical and quantitative
data analysis techniques to gain insights into business performance. Through its diverse
modes—descriptive, predictive, and prescriptive—it facilitates a profound
comprehension of organizational dynamics. This understanding, in turn, furnishes

invaluable inputs for Strategic Change.

The Evolution of Business Analytics:

Even though Business Analytics has become popular nowadays, it’s not a new
concept in terms of its meaning or purpose. Furthermore, in the 1940s, during World War
I1, the need for more effective methods to make the most of scarce resources led to the
use of Business Analytics in its most basic form. The evolution of Business Analytics
started in the 1970s by creating a routine reports to help and inform decision makers about
what had happened in the previous period to enhance the decision-making process and
implementing changes. Yet, the necessity to grasp and tackle evolving business

requirements and challenges that surpass historical data and existing information pushed
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the advancement toward Big Data. So the reality is that even though analytics is not new,
the explosion in its popularity is very new. With the recent explosion of big data, the
means to collect and store this data, and capable and intuitive software tools, data and
data-driven insight is more accessible to business professionals than ever before (Delen

& Ram 2018).

Business Analytics Concept:
Despite the numerous definitions describing Business Analytics, most researchers
agree on a closely related meaning to the concept, depending on the aspect they are

focusing on, with slight differences in details and explanations.

Parks & Thambusamy (2017) describe Business Analytics as the utilization of knowledge
and intelligence to apply data-based decision-making in support of an organization's
performance. It also promises to enhance organizational Information Systems and

profitability, improve decision-making processes, and reduce risks.

It also can be described as the identification of meaningful patterns within data. Given
that living in an environment full of big data, analytics definitions often focus on the
(Data) created in large volumes (Delen & Ram, 2018). Omar et al. (2019) state that
Business Analytics is concerning with evidence-based problem recognition and solving
which occur within the business situations context, as a result of active collaboration
between the human labor and the modern cyber-physical production systems that works

towards a shared goal.

It is a spectrum of techniques and methodologies employed to extract valuable insights
from data, facilitating more informed strategic decision-making through the utilization of

various functions and tools tailored to its specific context (Mikalef, & Krogstie, 2020)
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Business Analytics involves extensive use of data, whether through statistical and
quantitative analysis or explanatory and predictive models. It's a fact-based approach to
management aimed at driving decision-making and actions. It can be categorized into
descriptive, predictive, and prescriptive analytics, all contributing to better resource and
strategy alignment, faster decision-making, and enhanced competitive advantage (Duan

& Edwards, 2020).

Adding to this, it's crucial to note a common error made in research writing regarding the
distinction between "Analytics” and "Analysis." Analysis refers to group of activities and
process of breaking down a complex issue into parts for thorough examination,
particularly in cases where investigating the entire system is impractical. This necessity
for facilitation and simplification leads to dividing it into more understandable
components. Conversely, Analytics is an integrated methodology encompasses a range
of methods, technologies, and tools aimed at generating new knowledge and insights to
solve intricate problems (Delen & Ram, 2018). The role of a business analytics involves
performing thorough analysis of an organization and market, to provide valuable insights
to inform strategic decisions and to drive effective changes (lberaheem, 2023). In
conclusion, adopting appropriate Business Analytics techniques and incorporating them

into organizational strategies is vital and essential.

Business Analytics Objectives & Benefits:

Analytics is a widely used term in business today. You'll come across numerous
articles discussing analytics and how it's reshaping the way managerial decisions are
made. The popularity of analytics can be categorized into three main reasons: necessity,
availability/affordability, and a shift in culture. Business Analytics aims to leverage big

data, statistical analytics, and data visualization to drive changes and their implementation
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in business (Delen & Ram, 2018). Many businesses view analytics as a capability within
their organizations, built upon a set of processes and technologies that utilize data to
comprehend and analyze business performance. It's seen as an interdisciplinary collection

of tools, directly and indirectly linked to strategic processes (Kunc & O'Brien, 2019).

In a simple consensus, Business Analytics is understood to transform data into actionable
insights for more informed and prompt decision-making. It can assist in effective
marketing, revenue forecasting, and the development of automation systems, ultimately

enhancing overall business performance (Delen & Ram, 2018).

The Levels of Business Analytics

Business analytics can offer valuable insights for strategic decision-making, utilizing
various functions and tools based on its intended purpose. The consensus among writers
and researchers is that Business Analytics can be categorized into three levels:
Descriptive, Predictive, and Prescriptive (Duan & Edwards, 2020; Delen & Ram, 2018;

Kunc & O'Brien, 2019).

 Descriptive Analytic: Descriptive analytics is the most frequently employed set of
analytics tools that employs various techniques to categorize, characterize, and classify
data into valuable insights, aiding in comprehending past and present business
performance. The typical outcomes include charts, reports dashboards, scorecards, and
data warehouses to identify patterns and trends within the data through calculations like
means, frequencies, variations, rankings, and deviations (Kunc & O'Brien, 2019).
According to Duan & Edwards (2020), descriptive analytics can be defined as answering

the question,
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"What has happened and what is happening?" For instance, it utilizes business

intelligence and data mining to offer trending information about past or current events.

* Predictive Analytic: Predictive analytics concentrates on examining historical data to
predict future performance and detect relationships within the data, followed by
extrapolation. The outcomes involve uncovering hidden patterns in vast amounts of data
to forecast behavior and identify trends (Kunc & O'Brien, 2019). According to Duan &
Edwards (2020), predictive analytics can be defined as addressing the question, "What
could happen?" For example, it employs statistical models and forecasts to provide
precise projections of future occurrences along with the underlying reasons for those

predictions.

» Prescriptive Analytic: Prescriptive analytics employs various tools, such as
optimization, scenarios and simulation, to identify the optimal alternatives for achieving
business objectives. Many of the mathematical and statistical techniques used in
predictive analytics can also be applied to consider uncertainty in the data (Kunc &
O'Brien, 2019). According to Duan & Edwards (2020), prescriptive analytics addresses
the question, "What should we do?" For instance, it employs optimization and simulation
to recommend one or more courses of action, providing the best possible outcome for

each decision.

Figure (2.2) illustrates the levels of Business Analytics and the inherent tasks of each

level (Delen & Ram, 2018).
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Figure 2.3: Business Analytics levels (Delen & Ram, 2018)

2.1.2 Strategic Change
The Evolution of Strategic Change

Lewin, (1947) reported that "change occurs within organizations at the event of an
alteration of the existing balance between driving and restraining forces." Subsequently,
it started to rely on goals, structure, management style, and the adopted strategies to

achieve desired outcomes.

Given the dynamic and contingent pressures on managers, old theories about change did
not offer a specific path to follow. Instead, they enabled managers to define their own
change strategies, particularly if they were strategically focused on managing their

organization and devising the requisite plans for its improvement.

Then, many scholars emphasized that organizations rarely resort to change, and that the
processes organizations adopt to conform to institutional norms and values are

insufficient (Baum & Oliver, 1996). Organizational change has evolved to encompass
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four distinct processes aimed at ensuring improved personnel and organizational
performance to achieve success in the mission and vision. These processes include
planning, budgeting, and monitoring employees' productivity, as well as job analysis,
classification, and the establishment of a rewarding system concerning pay and benefits

(Magued, 2023).

Strategic Change concept
Considering the vital role of strategic change in business, it's natural to expect various
definitions to emerge. These differences stem from diverse aspects and scopes, including

purpose, boundaries, and actors.

To begin, strategy can be defined as the organization's process intent to achieve long-term
goals and objectives, involving the adoption of courses of action that shape the
organization's approach. Both managers and employees collaborate to realize these
objectives, establishing the path and roadmap that the organization follows to reach its

goals

Change, on the other hand, is the series of actions through which an organization modifies
a significant component. It encompasses solutions aimed at improving how work is
conducted within organizations, addressing problems, and seizing opportunities. It’s to

transform the organizations current state to future desired state.

Strategic change is a dynamic process characterized by complexity, ambiguity, and
discrepancies to implement new strategies. It encompasses six pathways: temporality,

actors, emotionality, tools and practices, complexity, and tensions (Kunisch et al., 2017).
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It's a significant organizational transformation that manifests in the firm's mission, scope,
priorities, and goals, resulting from a combination of environmental determinism and

managerial choices to achieve long term goals (Muller & Kunisch, 2018).

Strategic change faces three limitations: Firstly, firms are driven to change when new
information reveals a gap between a firm's outcomes and its anticipated performance.
Secondly, strategic change often regards change as a positive aid in rectifying decisions,
rather than evaluating which decisions makers should accept or reject. Thirdly, the
strategic change and renewal literature predominantly concentrates on how mature and

established firms react to substantial shifts (Kirtley & O'Mahony, 2023).

In simple terms, strategic change involves implementing new strategies that introduce
fundamental changes beyond the organization's usual routines. It signifies transitioning
the current organizational state towards a desired future state to enhance competitive
advantage. It encompasses two types: revolutionary change (radical and transformational)
and evolutionary change (incremental). The choice between these depends on various

factors determining the appropriate change for the organization to adopt.

Strategic Change objectives and benefits

Strategic planning holds significance in reshaping decision-making dynamics through the
definition of the organization's position, mission, and goals. This aids in formulating
effective managerial tasks and enhancing performance. Its objective lies in maintaining
business efficiency and productivity within a constantly changing and challenging

environment, relative to threats and opportunities (Magued, 2023).

Strategic change involves determining what elements of one's strategic orientation need
to change, as well as how and when to implement these changes. This transformation

could be prompted by significant environmental shifts, declining organizational
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performance, or even a combination of both. The strategic change process encompasses
four key steps: strategic analysis, strategy development, strategic plan design, and

strategic plan implementation (Roberts, 2008).

Strategic change holds importance in establishing future organizational objectives and
priorities, particularly when an organization requires specialized adaptations to remain

competitive in its operational activities (Pettit et al., 2023).

Strategic Change Types

Given the significance of Strategic Change in management, particularly within this
dynamic environment, it's imperative for managers to have a comprehensive grasp of its
processes and dimensions. This concept holds a central position in the realms of
management and strategy. Writers and researchers diverge in identifying the patterns of
change, elucidating several types based on various internal and external factors that
impact the organization, along with the scope and speed of required change. They define
four principal types for adoption: Revolution, Evolution, Adaptation, and Reconstruction
(Lewis, 2002; Agarwal & Ansell, 2016; Kirtley & O'Mahony, 2023; MacKay & Chia,

2013; Xu & Yan, 2014).

In this study, the researcher employed a binary division of patterns and selected Evolution

(Incremental) and Revolution (Radical) Change as the chosen categories.

* Evolution Change:

Evolutionary strategies is a systematic approach aimed at enhancing innovation are less
deliberate compared to either institutional or evolutionary approaches. Strategies that

foster the evolution of innovation are crafted to enable the organization to surpass its
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current capabilities by rendering boundaries ambiguous. They encapsulate the crucial

notion that innovation is a tumultuous, probabilistic process (Mezias & Glynn, 1993).

It signifies a gradual, slow change, characterized by incremental progress occurring step

by step and being reversible (Miller & Kunisch, 2018).

Incremental change doesn't fundamentally alter underlying organizational cultural beliefs
or values. Instead, it involves making slight adjustments to how things are done, and the
cause of these changes is easily recognizable by everyone, including reviewing and
evaluating managers' roles, improvements in performance methods, completion of tasks,
and changes in the organizational and functional structure through the adoption of
technologies of technical-social systems, comprehensive quality management, and

flexible work teams

This type of change impacts the roles of managers and entails minor shifts in tasks for
other employees with relatively less resistance. Business management ideas (Archie P).
Strategic Change. Viewed on 5/8/2023.

(https://www.businessmanagementideas.com/strategic-management/strategic-change)

 Revolution Change:

The revolutionary approach to innovation encompasses deliberate endeavors to depart
from the existing organizational paradigm and transcend the status quo to surmount
innovation challenges. Firstly, revolution strategies explicitly acknowledge that certain
crucial changes may remain elusive if one operates solely within the status quo. This may
necessitate a shift in paradigms or organizational theories. Secondly, revolution strategies
presuppose that resistance to change could hinder the successful implementation of

innovations stemming from an institutionalized process (Mezias & Glynn, 1993).
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This approach signifies a radical, transformational change. It entails a complete,

fundamental, and irreversible transformation (Miller & Kunisch, 2018).

Transformational change does involve altering organizational cultural assumptions
because it revolves around executing things differently or profoundly changing how
things are done. The causes of such changes may not be clear to everyone, leading to

heightened resistance levels.

It’s adopted by the company's management to drastically transform its goals, working
methods, organizational structure, and strategy. This transformation is aimed at achieving
the most effective response to environmental changes and addressing competitive
pressures. It involves the adoption of methods such as re-engineering, restructuring,
fostering creativity, embracing high-risk activities, fostering effective readiness for

managing the great resistance to change.

Business management ideas (Archie P). Strategic Change. Viewed on 5/8/2023.

(https://www.businessmanagementideas.com/strategic-management/strategic-change)

In conclusion, Evolution involves gradual and reversible shifts, while Revolution is
considered swift and irreversible. Organizations frequently find themselves compelled to
choose between these two approaches due to various internal and external influences.
Although revolutionary change is often necessary, it may not always be the optimal
choice. Organizations that have cultivated a culture of evolutionary change can navigate

external shocks without necessitating radical transformations.

A firm can opt to either adopt incremental changes or embrace a revolutionary approach
and proceed with it. Alternatively, they can combine these methods using a hybrid

approach, wherein the revolutionary technique is initially applied followed by
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evolutionary modifications. Guarav Roy (9/11/2021). Evolution Vs Revolution. Viewed

on 5/8/2023 (https://www.sortlist.com/blog/evolution-vs-revolution).

2.1.3 Decision Support Systems DSS
The Evolution of Decision Support Systems DSS

Decision Support Systems (DSS) emerged alongside the expansion of computer
usage. The evolution of DSS commenced in the late 1960s with the construction of model
oriented DSS, followed by theoretical advancements in the 1970s. During the early and
mid-1980s, the implementation of financial planning systems and DSS began. This was
succeeded by the introduction of Web-based DSS in the mid-1990s, with continuous
development up to the present day, particularly in the realms of technology and

capabilities (Mohemad et al., 2010).

Arnott & Pervan (2015) state that over three decades of DSS history, it transitioned from
a radical movement to a mainstream commercial IT movement embraced by all
organizations. The term "decision support systems" was first introduced in a paper by
(Gorry & Morton, 1971). The primary aim of DSS was to establish collaboration between
human decision-makers and IT-based systems to solve problems. Until today, the
objective of developing a decision support system is to enhance the effectiveness of
decision-makers. DSS is viewed as a philosophy of information systems development and

utilization, rather than just a technology.

Miah (2022) also affirms that the initial development of DSS was introduced in the 1970s,
generating management information from the operating system. This era focused on basic
data analysis and reporting. During that period, it was determined that DSS commonly
relied on four components: model-based systems, databases, user interfaces, and user

centrality.
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All of the above demonstrates the evolution of DSS across various aspects, starting with
an emphasis on simple foundational tools for data analysis. Over time, DSS advanced
further by integrating visualization tools and incorporating Big Data analytics to facilitate

more sophisticated decision-making.

Decision Support Systems DSS Concept:

DSS, a computerized information system, supports decision-making activities,
encompassing various types such as communications-driven DSS, data-driven DSS,
document-driven DSS, knowledge-driven DSS, and model-driven DSS. Each type
possesses its own advantages and disadvantages, contingent on the complexity of the

decision problem (Power, 2008).

DSS can be depicted as a Computer-Based Information System (CBIS) that interacts
directly with data and analytical models, aiding decision-makers in addressing strategic
challenges. DSS is a system designed not only to enhance productivity but also to lower
costs, save time, elevate decision quality, and achieve overall effectiveness and efficiency

in performance (Aldhmour & Eleyan, 2012).

It can also be defined as an interactive computer-based system or subsystem that aids
decision-makers by employing communication technologies, data, documents,
knowledge, and models to recognize and resolve problems, execute decision process

tasks, and make informed choices (Arnott & Pervan, 2015).

Al Eid & Yavuz (2022) define decision support systems as systems that directly support
the connection between digital technology and decision-makers within the organization,
without the requirement for an information expert in the field. DSS is an interactive
information system that operates to assist in making decisions in both structured and

unstructured contexts. It offers superior information, models, and data manipulation tools,
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facilitating online trade. It can assume various forms based on the business's specific

needs (Miah, 2022).

Decision Support Systems DSS Objectives & Benefits:

DSS aids in recognizing problems, generating and evaluating alternatives, and
ultimately selecting the optimal alternative for effective decision-making, steering clear
of cognitive biases. It's regarded as a valuable support tool for fostering further
development. Moreover, it offers evidence that the utilization of DSS contributes to

enhancements in organizational performance (Aldhmour & Eleyan, 2012).

DSS plays a crucial role in transferring knowledge during the development process, with
active engagement from stakeholders. It's an interactive tool that is user-friendly, easily
updatable, and capable of providing access to information, analysis, and decision
guidance. DSS aligns more effectively with end-users' decision-making processes. Its
objective is to deliver multiple benefits, including elevated communication, collaboration,
and learning among stakeholders and the development team. The aim is to implement
best practices and exert a significant influence on management and policy (Allen &

Warburton, 2017).

DSS supports decision-making across the management, operations, and planning levels
of an organization by assessing the significance of uncertainties and trade-offs inherent
in selecting one decision over another. DSS is categorized into five types based on their
primary sources of information: communications-driven DSS, data-driven DSS,
document-driven DSS, knowledge-driven DSS, and model-driven DSS (Al Eid & Yavuz,

2022).

The advantage of a DSS system is its ability to be programmed for generating a

multitude of report types, all tailored to user requests. An additional objective of
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utilizing DSS is to convey information to customers in a manner that is easily
understandable. Moreover, DSS analyzes and synthesizes substantial amounts of data,
helping in decision-making process. This data assists organizations in generating reports
that could predict revenue, sales, or even facilitate inventory management. The
outcomes it produces can vary based on the company's historical data and current
inputs. Troy Segal (10/7/2022). Decision Support Systems what it is and how business
use them. Viewed on 20/8/2023. https://www.investopedia.com/terms/d/decision-
support-system.asp). DSS acts as a facilitator in arriving at ultimate decisions. It boosts
productivity, accelerates processes, and improves the capacity to grasp and analyze
various types of information, all of which collectively lead to optimal decision-making

and effective problem-solving.

Differentiating the Roles of Business Analytics and Decision Support Systems in

Strategic Decision Making

While there may be some similarities in the roles and objectives of Business Analytics
and Decision Support Systems in supporting and enhancing decision-making, it is
essential to clarify and differentiate their roles to better understand how each contributes
to strategic decision-making and alleviate any potential confusion. It is also important to
highlight that both Business Analytics and Decision Support Systems play
complementary roles in strengthening the decision-making process and bridging the gap
between digital technology and decision-makers. However, the decision to utilize either
one of both depends on the organization’s capabilities and objectives. Generally
speaking, Business analytics typically involve a collaborative effort between data
scientists and decision-makers, providing analyzed data and valuable insights to facilitate

the decision-making process for appropriate strategic changes. On the other hand,
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Decision Support Systems offer a more comprehensive and specific approach to aiding
decision-making real-time. DSS integrate various sources across departments and
facilitates information sharing among decision-makers at all managerial level. This
process includes problem identification, data analysis, generation of alternative solutions,
selection of the best options, and support for real- time decision-making. DSS are
designed to be users friendly, ensuring that they can be utilized by everyone within the

organization for enhanced effectiveness and efficiency.

2.2 Previous Studies:

1- Aldhmour & Eleyan (2012) study entitles: Factors influencing the
successful adoption of decision support systems: The context of Agaba special

economic zone authority.

This study aimed to examine the main factors which could affect the successful
adoption of Decision Support Systems (DSS) in the Agaba Special Economic

Zone Authority (ASEZA).

This study is a quantitative one applied on Agaba Special Economic Zone
Authority (ASEZA) by distributing questionnaires to a sample of (161)
respondents for collecting primary data and the response rate was about 79%. The
results were analyzed using the Statistical Package for Social Software (SPSS),
with an R2 of 35.3%, linear Multiple Regression analysis which showed that all

variables have significant effect on successful adoption of DSS.

The result of this study also showed the importance of using DSS to decrease the
lack of communication between top management & the managerial departments

that affected in the same time the decision making process which lead to better
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change in organization. This come along with our study purpose to use DSS as a

moderator.

Dulcic et al., (2012) study entitled: Evaluating the intended use of Decision
Support System (DSS) by applying Technology Acceptance Model (TAM) in

business organizations in Croatia

This study aimed to investigate the intended use of DSS within medium and large
business organizations in Croatia by applying Technology Acceptance Model
(TAM). While many models suggested to explain and predict the benefit of using
the information systems, TAM has been the only one which has got the biggest
attention of information systems community. It was applied on managers of
medium and large business organizations in Croatia. The questionnaire was

analyzed through the SPSS statistical software.

The study results showed the importance of perceived usefulness and perceived
ease of use as core factors which influence on the perception of using DSS to

support management decision process.

According to the researcher of this study, the usage potential of DSS is still not a
fully explored area, and it’s not possible to analyze all of the relevant aspects in
one paper. Nevertheless, the presented research and facts clearly show the trends

and frameworks for the need and expansion of DSS in future.

2- MacKay & Chia (2013) study entitled: Choice, chance, and unintended
consequences in strategic change: A process understanding of the rise and

fall of NorthCo Automotive
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This study aimed to examine how unclear view of processes which rise the chance
and opportunities for organizations in environmental uncertainty is affecting the
choice and adaptation of the best appropriate strategic change in (NorthCo

Automotive)

This study was applied in (NorthCo Automotive) company by making 30 real-
time semi structured interviews tracking the TMT over five years. Adding to that
informal conversations with plant managers, designers, and engineers were made.
Participants included the CEO, president, and VP finance, two successive VPs
operations, and the VP human resources, VP marketing, and VP Sales. Direct
observation relied on extensive note taking to ensure reliability. Internal
documents, trade reports and collected media reports and news articles on changes

in NorthCo’s were used in this study.

Conclusion of this study showed the important role of social entities and various
environmental forces that must be taken into consideration and the circumstances
brought about by unowned change processes that can play a vital role in shaping

organizational destiny.

3- Duan & Li (2015) study entitled: Linking business analytics to decision

making effectiveness: A path model analysis.

This study aims to explore the appropriate mechanism of business analytics which

can be used to improve decision-making effectiveness at the organizational level.

this study also tries to develop a research model linking business analytics to the

organizational decision-making effectiveness.
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The research model is tested using structural equation modelling based on
questionnaires survey which distributed on different level of managers from UK

businesses. 740 responses was collected.

The result of this study showed that business analytics, through the mediation of
a data-driven environment, positively influences information processing
capabilities, which in turn have a positive effect on decision-making effectiveness.
Also showed how business analytics should be implemented to improve

manager’s knowledge and understanding to provide effective decision-making.

4- Miller & Kunisch (2018) study entitled: Central perspectives and

debates in strategic change research.

This study aimed to shed light on strategic change, and to summarize and evaluate

the findings across the deterministic, voluntaristic and dialectical perspectives.

This study is a qualitative one focused on studies published in peer-reviewed
journals. And depended on a comprehensive analysis of 119 studies representing

more than three decades of research on strategic change.

This study recommended that more researchers can adopt four pathways for future
research across the three perspectives that they believe can help foster full
understanding of strategic change: (1) examine the different types of strategic
change, processes and outcomes; (2) expand the scope of actors which considered
in relation to the strategic change; (3) explore the non-linear nature of the strategic

change; and (4) investigate the strategic change conundrums.

5- Alasiri & Salameh (2020) study entitled: The impact of business

intelligence (BI) and decision support systems (DSS): exploratory study
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This study aimed to examine the importance of Businesses Intelligence and DSS
and the organizational factors that influence the effective use of Bl and DSS

systems in organizations.

The researcher used the “University Library” and “Google Scholar” in order to
find reliable articles with valid information. The researcher also went through
more than 20 articles to find the relevant information. The literature review
provides an opportunity to find the gaps in the existing research and determine an
area for further research. MIS Quarterly’s MISQ review is one of the methods
related to the literature review which was used to provide research in information

systems.

The result of this study showed that the Bl system can affect positively the
decision support system. And how the decision-making process also affected by
gathering vast amount of data and analyze it. DSS can support and add value to
the organization’s performance and work to increase organizational control,
personal efficiency, and the effectiveness of problem-solving. This consistent
with our study to use the DSS as a moderator to affect the relation between the

variables (BA and Strategic change).

6- Lepenioti et al., (2020) entitled study: Prescriptive analytics: Literature

review and research challenges.

This study aimed to explore how business analytics can enable organizations to

make quicker, better, and more intelligent decisions to create business value.

This study depended on literatures using the query term “prescriptive analytics”.

The search was limited to include only journals, books and conferences
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publications. We exclude any grey literature because their quality may vary and
can affect the validity of results. The papers were selected to be reviewed

according to the criteria of the literature review methodology.

The result of this study showed how prescriptive analytics which is one of BA
levels, seeks to find the best course of action and outcomes for the business future.
Also, how Prescriptive analytics is often considered as the next step towards
increasing data analytics maturity and leading to optimized decision making ahead
of time for business performance improvement which directly related to strategic

change needed by organizations to survive and success.

Much research aimed to contribute to the business analytics field in order to enable
organizations gain meaningful insights about their performance. It come with our

study to use BA as one of its variables.

7- Al-Hamdani & Kadhim (2021) study entitled: The effect of renewal and

modernization.

As an introduction to strategic change in organizational performance, field

research in the Oil Projects Company

This study aimed to explore the impact of renewal and modernization on strategic

change and to find the best solution of problems affecting the organization.

The study was applied on 196 managers from all managerial levels working in the

Oil projects company in Baghdad. The number of samples was 85 managers.

The results showed that there is a correlation and impact of renewal and

modernization on strategic change and organizational performance.
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The researcher recommended to have more studies on this topic especially in Qil
Company to enhance the effective performance. Also, in other companies in the

same and other sectors.

8- Mikalef, & Krogstie,(2020) study entitled: Examining the interplay
between big data analytics and contextual factors in driving process

innovation capabilities

This study aimed to find how big data analytics can impact a firm’s incremental
and radical process innovation capabilities. This study was ground on a theory-
driven conceptualization of big data analytics based on the resource-based view
(RBV) of the firm. Based on this conceptualization, the fit was examined between
the big data analytics resources that underpin the notion, and their interplay with
organizational contextual factors in driving a firm’s incremental and radical
process innovation capabilities. Survey data from 202 chief information officers
and IT managers working in Norwegian large firms are analyzed by means of

fuzzy set qualitative comparative analysis (fsQCA).

Results showed that the significance of big data analytics resources will vary
under different contextual factors, and with a specific configuration which led to

high levels of incremental and radical process innovation capabilities.

Complementary study needed to adopt a qualitative approach which will reveal
more insight on how value is produced from such investments through a process
perspective. Also, it would have been preferable to benchmark outcomes in

relation to objective measures.
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9- Duan & Edwards (2020) study entitled: Understanding the impact of

business analytics on innovation.

This study aimed to address the gap between Business Analytics and innovation,
and to examine the use of absorptive capacity theory to inform the development

of a research model.

The study model tested by a questionnaire survey of 218 UK businesses by using

a seven-point Likert scale. The targeted sample was the senior managers.

The results of this study showed that there is a positive impact of business
analytics on innovation and explain the pivotal roles of environmental scanning
and data-driven culture. Also, the role of Business Analytics for the needed

changes in both external and internal challenges of organizations.

This study recommended to make more studies to explore and identifying
appropriate approaches, techniques and methodologies to effectively address
challenges and attain optimal outcomes and including BA as one of these
techniques to determine its important role on affecting different aspect and

sectors.

10- Kamariotou et al., (2021) study entitled|: Digital strategy decision

support systems: Agrifood supply chain management in SMEs.

This study aimed to identify the stages of the information systems planning (ISP)
process and examine its effect on the success of developing a strategic decision
support system (DSS) in order to improve the decision-making process in the

agrifood supply chains.
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Data were collected from Greek (SMEs) depending on 66 IT executives and then

analyze it using regression analysis.

The results showed that situation analysis is the only stage of ISP that predicts
ISP success, and that DSS assist managers in appreciating the role of ISP for

improving the performance of business.

This study recommended for further research to broaden the sample and compare
the findings of this article to those of other companies that operate in different
sectors and countries. It also recommended to focus on DSS for future different
DSS models that will be developed to involve digital tools which depends on

environmental changes and a company’s data requirements.

11-  Baryshnikova et al. (2021) study entitled: Enterprises’ strategies
transformation in the real sector of the economy in the context of the COVID-

19 pandemic.

This study aimed to assess the changes in the economic behavior of business
during crises such as the COVID-19 pandemic, for analyzing the business
practices in adapting different functional strategies towards risks, and to

determine the directions related to transforming these functional strategies.

This study showed how pandemic, crises and numerous threats highlighted
problems in the ability of companies to adapt and learn quickly in order to survive

in a rapidly changing competitive environment.

This study was applied on companies from different industries without mention

details about it.
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The result of this study explained that any crisis motivates forces companies to
reconsider their objectives and restructure their business models. And how the
speed of decision-making has become the most important factor determining the

sustainability of operations and the survival of the company.

12- Al Eid & Yavuz (2022) study entitled: The Effect of Using Decision
Support Systems Applications and Business Intelligence Systems in Making

Strategic Decisions: A Field Study in the City of Gaziantep

This study aimed to study the importance of business intelligence systems and
decision support systems and to study the impact of the dimensions of decision
support systems and business intelligence in making strategic decisions for Syrian

civil society organizations.

The data was collected by a survey, but 100 correct answers were used to analyze
the data. The study data were analyzed by using SPSS and SmartPLS 3 software.
The results showed support for the seven hypotheses: the decision support systems
and business intelligence are available in Syrian civil society organizations in the

city of Gaziantep.

The result showed that there is a strong positive relation between business
intelligence and decision support systems which affect in the same time the

strategic decisions making.

This study recommended to make more research about the relation between Bl or
BA with DSS with different variables and in other sectors. This come with our

study to enhance the tangible influence of Business Analytics (BA) on Strategic
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Change, and to clearly identify a moderator for this relationship which is Decision

Support Systems (DSS).

13-  Chen et al., (2022) study entitled: I1T-business alignment, big data
analytics capability, and strategic decision-making: Moderating roles of

event criticality and disruption of COVID-19

This study aimed to examine the importance of IT-business alignment (ITBA) and
big data analytics capability (BDAC) to support the strategic decision-making in

organizations under crises and abnormal circumstances.

This study based on two-round by distributing a five-item scale questionnaire. the
survey data collected from 175 Chinese firms. It targeted senior managers of each

firm (executive manager, marketing manager, and CEO).

The results indicated that the event of COVID-19 strengthens the effects of ITBA
on decision speed and quality but in the other side of BDAC it weakened the
influence on decision quality. Also the event disruption weakened the influence
of ITBA on decision speed and quality but strengthens the effect of BDAC on

decision speed and quality.

Adding to that it showed how BDAC plays a critical role in dealing with uncertain

and competitive environments to better affect the strategic decision making.

14-  Miah (2022) entitled study: Impact of Business Analytics and Decision

Support Systems on e-commerce in SMEs.

This study aimed to analyze and investigate the impact of business analytics and
decision support systems on e-commerce in small and medium enterprises that

investigate.
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This study is a qualitative study adopted the descriptive analysis approach which
depended on different various scholars who adopted different plans and strategies

to predict the relationship between e-commerce and business analytics.

Despite the contribution of this study to the literature and providing a

comprehensive understanding of its relationship with the decision support system.

The research also highlights some limitations and provide recommendations of
using other mediating factors and variables other than just connecting (business
analytics and decision support systems) alone. Also, should further research this
topic by continuously studying variations in business analytics and decision

support systems in other sectors.

15-  O'Brien et al., (2022) study entitled: State of the art review of Big Data
and web-based Decision Support Systems (DSS) for food safety risk

assessment with respect to climate change.

This study aimed to analyze the important role of using DSS and Big Data to make
better decisions on food safety, especially with the evolving issue of climate
change. Large amounts of data are being generated worldwide which can directly
and indirectly linked to food safety. It aimed to assist agri-food researchers and
stakeholders in taking initiatives insights on the application of Big Data and web-
based DSS for food safety, which would relieve challenges and facilitate the Big
Data implementation in the food safety risk assessment while considering the

possible effects arising from climate change.
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The articles were collected from a combination of researches from four literature
databases: Web of Science, Scopus and Science Direct and Google Scholar from

1995 to 2021. At the end 92 relevant article were taken and used in this study.

This study aligns with our study in solidifying the central role of DSS in informed

Strategic decision-making and achieve the appropriate Strategic Change.

This study advocated for a reorientation of studies on strategic change to
determine the most effective strategic change levels and processes by using DSS.
And to select the most effective strategies for navigating dynamic environmental

changes.

16-  Iberaheem (2023) study entitled: The Role of Business Analysis in
Strategic Planning: Discuss How Business Analysis Contributes to the

Strategic Planning Process in Businesses.

This study aimed to discuss the essential role that business analysis plays in
strategic planning, by focusing on helping the organizations to understand their
current position, envision potential future scenarios, and determine better path in
order to achieve the business objectives. The methodology of this study depended
on comprehensive literature review and analysis of existing theories, models, and
case studies regarding the business analysis and strategic planning. The results
showed that organizations need to strongly integrate the business analysis into
their strategic planning process in order to achieve their objectives and gain a
competitive edge. Also showed that business analysis is not an optional but an

essential aspect of strategic planning.


https://www.sciencedirect.com/topics/biochemistry-genetics-and-molecular-biology/scopus
https://www.sciencedirect.com/topics/biochemistry-genetics-and-molecular-biology/sciencedirect
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The study recommended for further exploration and investigation. The limitations
of the current study provide a need for future research, pushing the boundaries of

knowledge in the aspect of business strategy.

17-  Kloub (2023) study entitled: the matching between competitive
pressure strategies and competitive environment: strategic vigilance as

mediator variable in food import companies in Jordan.

This study aimed to investigate the level of the matching between competitive
pressure strategies and competitive environment using strategic vigilance as

mediator variable in food import companies in Jordan.

It was applied on five large companies and the sample population was (421) of
mangers. A questionnaire was used as valid tools for measuring the study
variables and the analysis of data was done by using descriptive and inferential

statistical methods.

The result of this study showed that level of dependent and independent variable
with all its dimensions in high, while in the moderator variable the level is
medium, and that there is a correlation and an effect between competitive pressure
strategies and competitive environment with the presence of strategic vigilance as

mediator variable.

This study recommended to expand the research and stressed the criticality of
directing attention towards the food sector considering the important role of this

sector in affecting the Jordanian economy.
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18-  Kirtley & O'Mahony (2023) study entitled: What is a pivot? Explaining
when and how entrepreneurial firms decide to make strategic change and

pivot.

This study aimed to examines how entrepreneurs lacking making the appropriate
and needed investments in their organizations in early stages. Also, to decide

when and how to change their strategies and what constitutes a pivot.

This study used a longitudinal, qualitative field study to examine the triggers to
strategic decisions. It was applied on seven entrepreneurial firms in their early
stage which specialized in developing hardware in the energy and cleantech
sector. All firms employed three people at the time of entering to the study. First
author conducted 82 semi-structured interviews consist of top management team,
board members, engineers, investors, and other advisors involved in strategic
decisions at each firm. This was done over a one to three-year period. Data

analysis was done in six phase, inductive and iterative theory building process.

The result of this study showed the important of entrepreneurial action to found
opportunity and how it is initiated by getting knowledge about a specific
opportunity and belief on having the ability to capture it. It also showed how most
theories of strategic change mentioned the importance of firms to invest in their
existing capabilities in order to recognize the need for strategic change and how
entrepreneurs lacking to make the decision in early stages and to decide when and
how to change their strategies. This come with our study objectives to focus on

strategic change in all its aspect.
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2.3 What makes the current study stand out from previous

studies?

This study aims to distinguish itself by utilizing variables used in the previously
mentioned studies where they have shown effective. However, they are being used in a
distinct manner that aligns with the objectives of the study. The study approach aims to
provide a fresh perspective on their impact and enhance the overall analysis. The domain
of business analytics, with its three levels (descriptive, predictive, and prescriptive), has
been selected as the focal point to explore its potential influence on two types of Strategic
Change: Evolution and Revolution. Recognizing gaps in existing knowledge this study
aims to emphasize aspects that prior studies have overlooked and investigate the role of
Decision Support Systems as a moderator to yield a positive impact that enhances
decision-making for strategic changes and narrows the existing knowledge gaps. The
anticipated findings hold the promise of enriching the knowledge landscape for future
studies. The study is situated within the Arab region, where these particular variables have
not been studied together previously. Furthermore, our investigation is centered on a
pivotal sector — the Food Import Sector — renowned for its substantial influence on the
global economy, notably within Jordan. A unique aspect of our study lies in the inclusion
of all three administrative levels (Top, Middle and First-Line Management) setting it

apart from prior researchs.
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This chapter comprises the methodology of the study, the population and the sample
under consideration, methods employed for data collection, reliability and validity of the
study sample, variables of the study, and additional details regarding the statistical
processes. Additionally, it outlines the procedures that the researcher used to achieve the

outcomes.

3.1 Study Approach:

The current study is a causal quantitative one. It adopts the descriptive analytical
method, which is studying reality, phenomena, or scientific problems as they exist in real
life. The approach aims to arrive at clarifications supported by logical evidence and
observable data, providing the researcher with the ability to develop specific frameworks

for addressing the identified problem.

3.2 Study Population:

This study was applied to six large food import companies in Amman. The selection
of large companies was based on their characterized significant size, with the number of
employees ranging from 500 or more and a capital exceeding 10 million Jordanian
dinars. The population under consideration in this study comprises the field of mangers
in these companies. Table (3.1) shows the participant companies and employees number
which agrees with the study requirements to be considered large companies. The capital
and the details of each managerial level are hidden at the request of participant

companies.



49

Table (3.1) Incorporated Large Food Import Companies in Amman

No. Company Name Employees
No.

1 AITAHOONEH CHICKEN 1150
4 galhall zlao

2 JORDINA 1827
L) o>

3 Anabtawi 600
$sbne Clygla

4 Castania 500
Liliul<

5 The Jordanian Dairy Company 520
Ao, gyl a8,

6 MEDICA 500
$2e

Source: Amman chamber of commerce data, the selected companies’ management,

and companies control department (2023)

There are many food import companies in Amman-Jordan, however, they lack the
fundamental requirements needed by the researcher to utilize to achieve the study’s goals.
These companies vary in size, capital and the extent to which they use Decision Support
Systems (DSS) in their business operations. Therefore, the researcher purposively chose

six large companies that also expressed its willingness to cooperate.

The requirements of the current study were identified as follows:

1- These companies operate in the food import sector in Amman, playing a
distinctive, strategic, and important role in the Jordanian economy. They
significantly contribute to achieving Jordanian national food security and play
a vital role in meeting the growing nutritional needs of society under all

circumstances.
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2- The size of these companies ensures an adequate number of sample

members required to complete the questionnaire.

3- These companies necessitate such a study more than others because their
capital exceeds 10 million JD, and operations and commercial deals are of a

big scale.

4- These companies already utilize or implement Business analytics and

Decision Support Systems.

Figure No. (3.2) Sampling steps for Study Population and Sample Determination, which
shows that the study population is 490 and its distributed across three administrative
levels: Top, middle and first line management. All numbers are based on data from the
Amman chamber of commerce, the management of the selected companies, and the
companies’ control department. With reservation of the stratum details of each company

upon their request.



The 7th step is to
determine the sample
of each strata of society

The 6th step is to
determine the strata of
society according to the

administrative level (Top,
Middle and First-line
Managment)

The 5th step is to
determine the study
sample which is (217)
managers
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The 1st step is to review the
Amman Chamber of
Commerce and obtain

company data.

The 2nd step is to
identify large companies
whose capital exceeds 10
million Jordanian dinars

The 3rd step is to
communicate with
companies, obtain the
approval of 6 of them and

provide data

The 4th step is to
determine the study
population, which is

(490) managers

Figure 3.2: Sampling steps for Study Population and Sample Determination

Source: The researcher design as per Amman Chamber of Commerce

3.3 Study Sample:

Data were collected from the field of mangers in Food Import Companies in Amman
and was selected through the Proportional Stratified Random Sampling method. The
sample size for this study comprises 217 managers from the three management levels

according to (Sekaran & Bougie, 2016).

Table (3.2) displays the specifics of the study population, its sample size, and samples

within each stratum.
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Administrative Population Sample Strata Size Strata
Level Sample
&) @ ®) g
2*3/1
(4)
Top Management | 490 217 78 34
Middle 490 217 162 72
Management
First-Line 490 217 250 111
Management
Total 490 217

Table (3.2) Details of the study population, its sample, and samples within each

stratum

Source: Amman chamber of commerce data, the selected companies’ management,

3.4 Data Sources:

and companies control department (2023)

The data utilized to achieve the goals of this study can be categorized into two types:

secondary and primary data.

Secondary data: Secondary data were gathered from researches, theses, and Worldwide

Web.

Primary data: Primary data were gathered using a questionnaire that is designed in three

parts and defined by three variables - Business Analytics, Decision Support Systems and

Strategic Change, and was distributed on Food Import Companies to collect data and

information beside several telephone calls and few meetings with key managers.
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Table (3.3) The number of questions and its references

Variables Variables References

Dimensions

Descriptive

(10

questions) e Caoetal. (2015)

Independent e Duan, & Edwards (2020)
Variable Business | Predictive _
. e Al Eid & Yavuz (2022)

Analytics (10

questions)

Prescriptive

(10
questions)

Mikalef & Krogstie (2020)

Dependent Variable

Strategic Change

Evolution
Change

(12
questions)

Revelation
Change

(12
questions)

(2021)

Miller & Kunisch (2018)
Mikalef & Krogstie (2020)
Laine & Galkina (2017).

Al-Hamdani & Kadhim

Moderator Variable

Decision Support

Systems

(12
questions)

Eid & Yavuz (2022)

Dulcic et al. (2012)

Total
guestions
(66)
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3.5 Validity Test:

3.5.1 Face validity:

In order to assess the face validity of the research, the questionnaire was submitted
to nine expert arbitrators from the Department of Business Administration, as indicated
in Appendix (1), to gather their insights on the rationality of the questionnaire’s content,
clarity, relevance of questions, and the suitability of phrases to the scale. According to
expert opinions, 18 questions were rejected due to lack of clarity, difficulty in
measurement, and ambiguity. Additionally, some questions were modified for clarity, and
amendments were made to address similarity of meaning with other questions. The
researcher considered the experts’ opinions and implemented the necessary changes to
enhance the validity of the questionnaire’s content, ensuring coherence and diversity of
questions. After these modifications, the semi-final number of questionnaire items

became 48, as illustrated in Table (3.4)

Table (3.4) Face validity of questionnaire paragraphs

Main Variable Dimension Variable

Business Analytics Descriptive: (6) questions

Independent Variable o )
Predictive: (6) questions

Perspective: (6) questions

Strategic Change Evolution Change: (9) questions

Dependent Variable ] )
Revolution Change: (9) questions

Decision Support Systems (12) questions

Moderator Variable

Total 48 questions




3.5.2 Construct Validity

Confirmatory Factor Analysis

This analysis was performed using SPSS v27 and SMART PLS-4.
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SPSS v27: (Statistical Package for the Social Science) Is a software package used for the

analysis of statistical data, cause and effect relation, Hierarchical multiple regression

analysis.

SMART PLS-4: Is a tool for structural equation modelling used for CFA (Confirmatory

Factor Analysis)

Table (3.5): CFA analysis for the Independent Variables

Fact RMSE
CFI GFI
or AV Si A
Dimensions Code ) Y2 o —-j(@©O -
loadi | E g (U
1.00) 1.00)
ng 0.08)
0.78
DA.1
3
0.67
DA.2
1
0.74
DA.3
IV-1 - Descriptive 4 0.5
Analytics 0.71 |2
DA.4
8 1454 | 0.2
0.992 |0.926 |0.023
0.69 26 0
DA.S
9
0.70
DA.6
5
PRED | 0.68
IV-2- Predictive | A.1 8 0.5
Analytics PRED |0.71 |1
A2 8




PRED | 0.71
A3 2
PRED | 0.73
A4 0
PRED | 0.69
A5 7
PRED | 0.70
A.6 1

0.75
PRS.1

3

0.71
PRS.2

0

0.71
PRS.3

IV-3-  Prescriptive 2 0.5
Analytics 072 |2

PRS.4

5

0.73
PRS.5

6

0.69
PRS.6

7
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The results of the Confirmatory Factor Analysis (CFA) for the different dimensions

provide valuable insights into the validity and fit of the proposed model. In the dimensions

of Business Analytics (BA), all factor loading values (DA.1 to DA.6) surpass the

conventional threshold of 0.40, indicating robust convergent validity. Notably, factor

loading values range from 0.671 to 0.783, reflecting strong associations between the

observed items and the latent construct, where factors loading more than 0.40 are

acceptable (Hair et al.,, 2010). Similarly, for the Predictive Analytics (PREDA),

Prescriptive Analytics (PRS), the IV dimensions reveal consistent patterns of strong
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factor loadings, meeting criteria for convergent validity. The Average Variance Extracted
(AVE) for the dimension’s ranges from 0.51 to 0.52 and meets the recommended
criterion, confirming convergent validity. However, the chi-square test (x2) value of
145.426 is statistically not significant (Sig = 0.2), suggesting a good fit in the model
according to recommended guidelines (Hair et al., 2010). Moreover, the high
Comparative Fit Index (CFI) of 0.992 and Goodness of Fit Index (GFI) of 0.926, along
with a Root Mean Square Error of Approximation (RMSEA) of 0.023 slightly below the
threshold, where it should be below 0.05, collectively indicate an overall acceptable fit
for the Business Analytics dimensions. These findings collectively suggest a generally

sound model (Hair et al., 2010)
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Figure 03.4: Construct Validity of Independent Variable Business Analytics



Table (3.6): CFA analysis for the Dependent Variables
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Facto RMSE
CFI GFI
Dimensions Code ' AV Y2 Sig |[(0 -0 - A
loadi | E o -
1.00) 1.00)
ng 0.08)
EVO. | 0.711
1
EVO. | 0.66
2 8
EVO. |0.73
3 6
EVO. | 0.74
4 2
DV -1- Evolution | EVO. | 0.72 | 0.5
Change 5 3 13
EVO. | 0.72
6 8
EVO. |0.69 132.3 1 0.5
; 9 3 ” 0.998 |0.930 |0.001
EVO. | 0.71
8 8
EVO. | 0.72
9 0
REV |0.71
0.1 9
REV |0.71
DV-2- Revolution | O.2 9 0.5
Change REV [0.76 |16
03 0
REV |0.70

04




REV |0.72
0.5 7
REV ]0.73
0.6 2
REV | 0.68
0.7 7
REV ]0.72
0.8 1
REV ]0.69
0.9 4
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The results of the Confirmatory Factor Analysis (CFA) for the different dimensions

provide valuable insights into the validity and fit of the proposed model. In the dimension

of Strategic Change (SC), all factor loading values of Evolution Change (EVO.1 to

EV0.9) surpass the conventional threshold of 0.40, indicating robust convergent validity.

Notably, factor loading values range from 0.668 to 0.742, reflecting strong associations

between the observed items and the latent construct, where factors loading more than 0.40

are acceptable (Hair et al., 2010). Similarly, for the Revolution Change. The DV

dimensions reveal consistent patterns of strong factor loadings, meeting criteria for

convergent validity. The Average Variance Extracted (AVE) for the dimensions are 0.513

and 0.516, meets the recommended criterion, confirming convergent validity. However,
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Figure 03.5: Construct validity of Dependent Variable Strategic Change
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the chi-square test (%2) value of 132.373 and is statistically not significant (Sig = 0.524),
suggesting a good fit in the model according to recommended guidelines (Hair et al.,
2010). Moreover, the high Comparative Fit Index (CFI) of 0.998 and Goodness of Fit
Index (GFI) of 0.930, along with a Root Mean Square Error of Approximation (RMSEA)
of 0.001 slightly below the threshold, where it should be below 0.05, collectively indicate
an overall acceptable fit for the Strategic Change dimensions. These findings collectively

suggest a generally sound model (Hair et al., 2010).



Table (3.7): CFA analysis for the Moderating Variables
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Fact RMSE
CFI GFI
or AV A
Dimensions Code x2 Sig | (0 -] -
loadi | E o -
1.00) | 1.00)
ng 0.08)
DSS. | 0.73
1 1
DSS. | 0.73
2 4
DSS. | 0.68
3 2
DSS. | 0.73
4 4
DSS. | 0.71
5 6
DSS. | 0.69
W - Decision Support | 6 4 0.5 {794 |0.1
0.978 [0.936 | 0.049
Systems DSS. | 0.68 |12 |97 04
7 5
DSS. | 0.72
8 6
DSS. | 0.72
9 2
DSS. | 0.72
10 2
DSS. | 0.71
11 9
DSS. | 0.72
12 3

The results of the Confirmatory Factor Analysis (CFA) for the different dimensions

provide valuable insights into the validity and fit of the proposed model. In the moderating
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variable Decision support systems (DSS), all factor loading values (DSS.1 to DSS.12)
surpass the conventional threshold of 0.40, indicating robust convergent validity.
Notably, factor loading values range from 0.682 to 0.734, reflecting strong associations
between the observed items and the latent construct, where factors loading more than 0.40
are acceptable (Hair et al., 2010). In which reveals consistent patterns of strong factor
loadings, meeting criteria for convergent validity. The Average Variance Extracted
(AVE) for the dimensions are 0.512 meets the recommended criterion, confirming
convergent validity. However, the chi-square test (%2) value of 79.497 and is statistically
not significant (Sig = 0.104), suggesting a good fit in the model according to
recommended guidelines (Hair et al., 2010). Moreover, the high Comparative Fit Index
(CF1) of 0.978 and Goodness of Fit Index (GFI) of 0.936, along with a Root Mean Square
Error of Approximation (RMSEA) of 0.049 slightly below the threshold, where it should
be below 0.05, collectively indicate an overall acceptable fit for the DSS variable. These

findings collectively suggest a generally sound model (Hair et al., 2010).
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Figure 3.7: Construct Validity of All variable

3.6 Reliability Test:

Reliability was founded in two technique; Reliability test (Cronbach’s alpha

coefficients of internal consistency) which were used to test the consistency and

suitability of the measuring tools, also Composite Reliability CR.

Cronbach’s alpha reliability Analysis:
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Table (3.8): Cronbach’s alpha Reliability Test

No No. of | Cronbach  Alpha | Composite reliability
Variables Items Values CR

1 | Descriptive Analytics | 6 0.865 0.864

2 | Predictive Analytics | 6 0.857 0.858

3 | Prescriptive Analytics | 6 0.867 0.867

4 | Evolution Change 9 0.904 0.905

5 | Revolution Change 9 0.905 0.905
Decision Support

6 | Systems 12 0.926 0.926

The reliability tests for the study variables reveal high internal consistency. The

Cronbach's Alpha values for each variable range from 0.857 to 0.926, indicating strong

reliability. Additionally, the Composite Reliability values closely align with Cronbach’s

Alpha values, further confirming the robustness of the measurements. The variables, each

measured with a set number of items, consistently demonstrate excellent internal

consistency, emphasizing the reliability and trustworthiness of the measurement

instruments employed. Overall, these results suggest that the constructs under

investigation are reliably and consistently measured, enhancing the credibility of the

study's findings and conclusions. (Hair et al., 2010).

Thus the questionnaire in its final form consisted of 48 paragraphs as shown above

in Table No. (3.4)

3.7 Distribution of the questionnaire:

An electronic questionnaire has been established to facilitate the distribution process.

The questionnaires totaling 225, were distributed across the three administrative levels:
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Top, middle- and first-line management, in Food Import Companies in Amman. A total

of 187 completed questionnaires were retrieved and validated for analysis.

3.8 Sample Analysis:

Demographic Analyses

Table (3.9): Gender

Gender Frequency Percent
Male 134 71.7
Female 53 28.3
Total 187 100.0

Table No. (3.9) provides a gender distribution within the sample of 187 participants,
with 71.7% males and 28.3% females, highlighting a notable gender imbalance in the

study.

Table (3.10): Educational level

Education Frequency Percent
Bachelor 133 71.1
High Diploma 6 3.2
Masters 43 23
Ph.D. 5 2.7
Total 187 100




68

Table (3.10): Educational Level presents the educational distribution of 187
participants, with the majority holding a bachelor’s degree (71.1%), followed by Masters
(23%), High Diploma (3.2%), and Ph.D. (2.7%). This highlights the predominantly

undergraduate education level in the sample.

Table (3.11): Experience

Experience Frequency Percent
16 years & above 30 16

11 - 16 years 42 22.5

6 - 11 years 39 20.9
Less than 6 years 76 40.6
Total 187 100

Table (3.11): Experience reveals the distribution of participants based on their work
experience, with 40.6% having less than 6 years, 20.9% within the 6 to less than 11 years
range, 22.5% between 11 and less than 16 years, and 16% having 16 years and above.

These results provide insights into the diverse professional experience of the sample.

Table (3.12): Managerial Level

Managerial Level Frequency Percent
First-Line Level 95 50.8
Management

Middle-Level 62 33.2
Management

Top-Level Management |30 16.0
Total 187 100.0
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Table (3.12): Managerial Level illustrates the distribution of participants across
managerial tiers, with 50.8% in First-Level Management 33.2% in Middle-Level
Management, and 16% in Top-Level Management. These results offer a snapshot of the

hierarchical representation within the sample.

3.9 Statistical Tools

o Frequencies and percentages to explain the characteristics of sample.

. Means: to evaluate the degree of agreement on the sub questions of the
independent, dependent and mediator variables.

. Standard deviations to explain the variability of the respondents’ answer
to the sub questions of the independent, dependent and mediator variables.

o Cronbach’s alpha to evaluate the reliability of every item of the
independent, dependent and mediator variables and therefore the composite
reliability (CR).

. Confirmatory factor analysis explores the loadings on the predefined
components (latent variables).

o One sample t test to estimate the differences between the questions means

from the theoretical mean.

o Normal distribution tests Shapiro-Wilk
o Multicollinearity test VIF and Tolerance.
o Test the first hypothesis and its sub-hypotheses using the structural

equation model.
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o Structural Equation model SEM Modeling model using SMART-PLS 4

software.

o Test the second hypothesis and its sub-hypotheses using Hierarchical

multiple regression analysis.
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Chapter Four

Data Analysis and Results

Figure 4.1: Work plan for the Fourth Chapter

Descriptive
Analysis of the
study variables

Testing the
study
hypotheses and
analyzing its
results
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The main purpose of the current study was investigating the impact of Business
analytics on Strategic Change with the presence of Decision Support Systems as a
moderator in Food Import companies in Amman —Jordan. In accordance with this main
objective a related questions and hypotheses were developed to embody these objectives.
The researcher will present the analysis of descriptive statistics in the first part then testing

the formulated hypotheses in the second part.

4.1 First part: Descriptive Analysis of the study variables

Means and standard deviations were conducted for all variables as below:

The following formula was used to assign the means levels:
Category Length = 5 (highest weight) — 1 (lowest weight) /3 (No. of categories)
Category Length = 1.33

Based on the processing, the degree of implementation was determined according to the

following:

Low level: It includes a group of items that have less than 2.34. (Since Category length

+ lowest weight = 1.33 + 1 = 2.33, where the first degree (1-2.33).

Medium level: It includes a group of items whose mean arithmetic ranges between 2.34

-3.66. (Since 2.33 + 1.33 = 3.66, where the second degree (2.34 -3.66).

High level: It includes the paragraphs that have averages greater than 3.66. (Since 3.66

+ 1.33 = 5, where the third approval degree (3.67-5).

4.1.1 Business Analytics (Independent Variable)
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Table (4.1): Means for the Dimensions of Business Analytics

Business Analytics Mean | Rank Level
Descriptive Analytics 3.62 1 Moderate
Predictive Analytics 3.60 2 Moderate
Prescriptive Analytics 3.52 3 Moderate
Business Analytics 3.58 Moderate

Table (4.1) outlines rankings and levels for Business Analytics dimensions,
indicating Descriptive Analytics as the highest-ranked (1) with a mean of 3.62 and its
level is "Moderate.” Predictive Analytics follows closely (Rank 2), and Prescriptive
Analytics is ranked third. The overall Business Analytics composite, with a mean of 3.58,
is also classified as "Moderate,” suggesting a balanced and moderately consistent

performance across the dimensions.

This can be confirmed based on referring to the questionnaire paragraphs which
included all the needed tools and methods related to all Business Analytics Dimensions,
but showed how these companies differ in providing and utilizing it, and how they need
to focus on some aspect more and ensure having and utilizing all tools and methods in a
way suits their objectives and capabilities in order to achieve better strategic decisions

which lead also to change in the future.
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Table (4.2): Means, Standard Deviations Test For the Descriptive Analytics

No Std.
Deviatio t

Items Mean | n Rank Level

1 The company's management | 3.63 0.85 3 26.8 | Moderat
relies on data to diagnose 6 e
problems

2 The company's management | 3.60 | 0.96 5 23.3 | Moderat
maintains thorough 3 e
documentation of all its
activities in dedicated databases

3 The company’s management | 3.63 | 0.99 2 23.0 | Moderat
uses graphic shapes to describe 0 e
data

4 The company’s management | 3.58 | 0.97 6 22.7 | Moderat
utilizes the mean for data 6 e
analytics

5 The company’s management | 3.68 1.01 1 23.3 | High
employs frequencies for data 4
analytics

6 The company’s management | 3.61 0.96 4 23.5 | Moderat
incorporates deviations in their 6 e
decision making
General Mean 3.62 Moderat

e

company’s management employs frequencies for data analytics" (Mean

In Table (4.2) on Descriptive Analytics, the highest mean is found for Item 5: "The

= 3.68),

indicating a "High" level, and supported by a significant t-value of 23.34. This suggests

a notable reliance on frequency-based analytics. Conversely, the lowest mean is
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associated with Item 4: "The company’s management utilizes the mean for data analytics"
(Mean = 3.58), reflecting a slightly lower level of utilization, supported by a significant
t-value of 22.76. These results underscore both the prominence and variation in specific
data analytics methods within the company's management practices, as evidenced by their

associated t-values.

This can be confirmed based on referring to the questionnaire paragraphs which
included all the needed tools and methods related to descriptive, but showed how
companies differ in providing and utilizing these tools and method. Also showed that
employing frequencies for data analytics had the highest one, while utilizing the mean
for data analytics had the lowest one. This mean that companies need to ensure using all
tools and methods especially increasing utilizing the mean for data analytics for

enhancing analysis to support making better decisions.

Predictive Analytics

Table (4.3): Means, Standard Deviations Test For the Predictive Analytics

No Std.
Deviati t
Items Mean | on Rank Level
1 | The company's management | 3.60 0.95 3 23.5 | Modera
employs predictive analytics to 2 te

evaluate competitive features

2 | The company’s management | 3.61 0.95 2 23.7 | Modera
employs Predictive modelling to 0 te

forecast future performance

3 | The company's management | 3.56 0.93 6 23.3 | Modera
defines its approach to 8 te
environmental adaptation by

analysing predictive results
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4 | The company's management | 3.58 0.95 5 23.2 | Modera
places trust in data over their own 5 te
intuition when data contradicts

their opinions

5 |The company's management | 3.60 0.98 4 22.9 | Modera
employs information technology 8 te
to analyse business data with the

support of business analytics

systems
6 | The company’s management | 3.65 1.01 1 23.0 | Modera
utilizes “big data analytics” to 0 te

achieve its future objectives
General Mean 3.60 Modera
te

In Table (4.3) for Predictive Analytics, the highest mean is attributed to Item 6: "The
company’s management utilizes 'big data analytics' to achieve its future objectives"
(Mean = 3.65), categorizing it as the highest-ranking item and indicating a "Moderate"
level. This is supported by a significant t-value of 23.00. On the other hand, the lowest
mean is associated with Item 4: "The company's management places trust in data over
their own intuition when data contradicts their opinions” (Mean = 3.58), indicating a
slightly lower level and supported by a significant t-value of 23.25. These results highlight
the varying emphasis on specific predictive analytics practices within the company's
management, with associated t-values signifying statistical significance in mean

differences.

This can be confirmed based on referring to the questionnaire paragraphs which
included all the needed tools and methods related to predictive analytics, but showed how

companies differ in providing and utilizing these tools and methods. Also showed that
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utilizing big data analytics to achieve its future objectives had the highest one, while
placing trust in data over their own intuition when data contradicts their opinions had the
lowest one. This mean that companies need to ensure using all tools and methods
especially placing trust in data over their own intuition because it can lead to wrong bias

decisions and risk which therefore can affect the company’s performance and objectives.

Perspective Analytics

Table (4.4): Means, Standard Deviations Test For the Perspective Analytics

Std.
Items Mean | Deviation | Rank t Level
The company’s management integrates | 3.52 0.91 4 23.61 | Moderate
Business analytics into its business
processes
The company’s management applies | 3.44 0.89 6 22.66 | Moderate
Simulation for data analytics
The company’s management uses | 3.55 0.89 3 24.37 | Moderate
scenarios for data analytics
The company’s management uses math | 3.47 0.91 5 22.66 | Moderate
for making decisions
The company's management analyses | 3.56 0.92 1 23.76 | Moderate
the external environment components
using algorithms
The company’s management uses | 3.56 0.95 2 23.09 | Moderate
Business Analytics to support high-risk
decisions
General Mean 3.52 Moderate

In Table (4.4) for Prescriptive Analytics, the highest mean is associated with Item 5:
"The company's management analyzes the external environment components using

algorithms" (Mean = 3.56), ranking it first and indicating a "Moderate" level. This is
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supported by a significant t-value of 23.76. Conversely, the lowest mean is attributed to
Item 2: "The company’s management applies Simulation for data analytics" (Mean =
3.44), suggesting a slightly lower emphasis and supported by a significant t-value of
22.66. These findings illustrate varying degrees of focus on specific prescriptive analytics
practices within the company's management, with associated t-values highlighting

statistical significance in mean differences.

This can be confirmed based on referring to the questionnaire paragraphs which
included all the needed tools and methods related to prescriptive analytics, but showed
how companies differ in providing and utilizing these tools and methods. Also showed
that analyzing the external environment components using algorithms and using Business
Analytics to support high-risk decisions was the highest which mean that these companies
really depend on algorithm in their analysis to make decisions especially the high risk one
which significantly can affect their future. But at the same time need to increase focusing

on applying Simulation for data analytics as it had the lowest utilizing.

4.1.2 Strategic Change (Dependent Variable)

Table (4.5): Means For the Dimensions of Strategic Change

Strategic Change Mean | Rank Level
Evolution Change 3.62 1 Moderate
Revolution Change 3.59 2 Moderate
Strategic Change 3.60

Moderate

In Table (4.5) for Strategic Change, the means for Evolution Change (Mean = 3.62)
and Revolution Change (Mean = 3.59) indicate a "Moderate" level, ranking first and

second, respectively. The overall Strategic Change composite, with a mean of 3.60, also
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falls within the "Moderate” range, highlighting a balanced consideration of both

evolutionary and revolutionary aspects in the company's strategic initiatives.

This can be confirmed based on referring to the questionnaire paragraphs which
included all aspects and factors needed that can help in create or implement the strategic
change, but showed how these companies differ in providing and pay attention to all of it
at the same time. Also showed how they need to focus on some aspect more and ensure
generalizing it internally and applying it in a way suits their objectives and capabilities in
order to achieve better strategic decisions which also lead to better plan for strategic

change either to be incremental or radical one.

Evolution Change

Table (4.6): Means, Standard Deviations Test For the Evolution Change

Std.
Items Mean | Deviation | Rank t Level
The company’s management has clear | 3.64 1.00 2 22.94 | Moderate
goals for development
The Company's management adopts an | 3.56 0.98 9 22.38 | Moderate
action plan that identifies areas of
development in performance
The company's management adapts | 3.63 1.00 5 22.88 | Moderate
some functions to face environmental
changes
The company's management regularly | 3.66 0.99 1 23.46 | High
assesses the level of technological
development
The company's management use | 3.61 0.97 7 23.16 | Moderate
technology to match employees
capabilities
The company's management partially | 3.63 0.96 6 23.79 | Moderate
adjusts its objectives if necessary
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limited adjustments to the strategy
depending on the type of environmental

changes

comprehensive quality management

ideas

brainstorming sessions to discuss

methods of developing its results

In Table (4.6) for Evolution Change, the highest mean is associated with Item 4: "The
company’s management regularly assesses the level of technological development"
(Mean = 3.66), ranking it first and indicating a "High" level. This is supported by a
significant t-value of 23.46. Conversely, the lowest mean is attributed to Item 2: "The
Company's management adopts an action plan that identifies areas of development in
performance” (Mean = 3.56), suggesting a slightly lower emphasis and supported by a
significant t-value of 22.38. These results highlight varying degrees of focus on specific
aspects of evolutionary change within the company's management, with associated t-

values signifying statistical significance in mean differences.

This can be confirmed based on referring to the questionnaire paragraphs which
included all aspects and factors needed that can help in create or implement the evolution
change, but showed how these companies differ in providing and pay attention to all of it
at the same time. Also showed that the highest one is regularly assessing the level of
technological development which mean they are up to date to compete and increase their

competitive advantage and to be ready to adapt to environmental changes and crises. At

The company's management makes | 3.64 1.01 4 22.61 | Moderate

The company's management applies | 3.60 0.96 8 23.38 | Moderate

The company's management conducts | 3.64 0.99 3 23.31 | Moderate

General Mean 3.62 Moderate
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the same time, they need to ensure adopting an action plan that identifies areas of
development in performance as it had the lowest level which can affect their strategic

decision on making the needed changes with strong plan at the appropriate time.

Revolution Change

Table (4.7): Means, Standard Deviations Test For the Revolution Change

No.

Std.

Items Mean Deviation | Rank t Level

The company's management has a | 3.54 0.95 8 22.71 | Moderate

vision for comprehensive change

The company's management adopts a | 3.47 0.92 9 22.37 | Moderate
procedural action plan for

comprehensive changes

The company's management is | 3.67 0.94 1 24.92 | High
proactive in conducting a
comprehensive review of its objectives

when deemed necessary

The company's management | 3.58 0.94 5 23.67 | Moderate
implements substantial changes to the
organizational structure in response to

competitive pressures

The company's management re- | 3.64 0.96 3 23.85 | Moderate
engineers its procedures to accelerate

efficiency

The company's management stimulates | 3.60 0.96 4 23.33 | Moderate
creative ideas that lead to changes in

work methods

The company's management | 3.57 0.98 6 22.55 | Moderate
discontinues products that no longer

comply with environmental standards

The company's management employs | 3.66 0.98 2 23.69 | High

forward-thinking strategies to
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anticipate future trends and market

growth

rising leaders for future responsibilities

In Table (4.7) for Revolution Change, the highest mean is observed for Item 3: "The
company's management is proactive in conducting a comprehensive review of its
objectives when deemed necessary" (Mean = 3.67), ranking it first and indicating a
"High" level. This is supported by a significant t-value of 24.92. Conversely, the lowest
mean is associated with Item 2: "The company's management adopts a procedural action
plan for comprehensive changes” (Mean = 3.47), suggesting a slightly lower emphasis
and supported by a significant t-value of 22.37. These results emphasize varying degrees
of emphasis on specific facets of revolutionary change within the company's
management, with associated t-values indicating statistical significance in mean

differences.

This can be confirmed based on referring to the questionnaire paragraphs which
included all aspects and factors needed that can help in create or implement the
Revolution change regardless of its different effecting level and how these companies
differ in providing and pay attention to all of it at the same time. Also showed that the
highest one they ensure its existence is to be proactive in conducting a comprehensive
review of its objectives when deemed necessary and employing forward-thinking
strategies to anticipate future trends and market growth which mean they are up to date
to compete and increase their competitive advantage and to be ready to adapt to
environmental changes and crises. At the same time they need to ensure adopting a

procedural action plan for comprehensive changes as it had the lowest level which can

The company's management nurtures | 3.57 0.96 7 23.08 | Moderate

General Mean 3.59 Moderate
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affect their strategic decision on making the needed changes with strong plan at the
appropriate time especially in sudden crises and threatening environment or during strong

competition and gaining rare opportunities.

4.1.3 Decision Support Systems (Moderating Variable)

Table (4.8): Means, Standard Deviations Test For the Decision Support Systems

No.

Std.

Items Mean Deviation | Rank t Level

The company's management policies | 3.57 0.97 12 22.68 | Moderate
support the use of DSS

The company's management enables all | 3.60 0.98 9 22.94 | Moderate
departments to utilize DSS effectively

for problem solving

The Company's management supports | 3.60 0.95 10 23.52 | Moderate
the analysis of critical issues with the

use of DSS

The company’s management uses | 3.59 0.97 11 22.94 | Moderate
advanced  computers to  share

information for decision-making

The company’s management uses DSS | 3.65 0.94 5 24.67 | Moderate
for flexible information exchange

between departments

The company’s management uses DSS | 3.65 1.00 3 23.24 | Moderate
to accelerate strategic decision-making

Processes

The company's management utilizes | 3.65 0.98 4 23.63 | Moderate
DSS to choose the best solutions for

problems

The company's management applies | 3.63 0.96 8 23.84 | Moderate
DSS to overcome obstacles in achieving

its goals
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9 The company's management utilizes | 3.67 1.00 2 23.40 | High
DSS to support its strategic plan

10 | The company's management employs | 3.65 1.00 6 23.15 | Moderate
DSS to gain greater control over their
work

11 | The company's management employs | 3.68 1.04 1 22.72 | High
DSS to improve the quality of decisions

12 | The company's management increases | 3.65 0.99 7 23.41 | Moderate

its innovations through DSS

In Table (4.8) for Decision Support Systems, the highest mean is associated with Item
11: "The company's management employs DSS to improve the quality of decisions”
(Mean = 3.68), ranking it first and indicating a "High" level, supported by a significant t-
value of 22.72. Conversely, the lowest mean is attributed to Item 1: "The company's
management policies support the use of DSS" (Mean = 3.57), suggesting a slightly lower
emphasis and supported by a significant t-value of 22.68. These findings highlight
varying degrees of focus on specific aspects of decision support systems within the
company's management, with associated t-values signifying statistical significance in

mean differences.

This can be confirmed based on referring to the questionnaire paragraphs which
included all aspects and factors needed that can help in using the DSS to support making
better strategic decisions and change depending on Business analytics. It also showed
how these companies differ in providing and utilizing it, and how they need to focus on
some aspect more and ensure having and utilizing all tools and methods that suits their
objectives and capabilities in order to facilitate achieving better strategic decisions and

change in a smart digital way. This can be emphasized with the paragraph results and
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analysis which shows the highest ranking in utilizing DSS to support its strategic plan and
employing DSS to improve the quality of decisions. That’s why trying to focus on other
methods and aspects just like setting policies that support the use of DSS in their
companies which had the lowest ranking as shown in analysis which can enhance the

decision-making process and ensure achieving the company’s future objectives.

4.2 Second part: Testing the study hypotheses and analyzing

Its results

Testing hypotheses

To test study hypothesis hierarchal multiple linear regressions were applied. Before
the application of linear regression there is a need to check for two basic assumptions, the
normality of the distribution of the variables and therefore the level of multicollinearity
among the independent variables, the results are included within the following table

indicate.

Normality test

Table (4.9): The Normal Distribution of Study Variables.

Variablos Shapiro-Wilk
Statistic Sig.

Descriptive Analytics 0.997 0.987
Predictive Analytics 0.993 0.541
Prescriptive Analytics 0.992 0.398
Business Analytics 0.995 0.809
Evolution Change 0.994 0.613
Revolution Change 0.993 0.572
Strategic Change 0.991 0.279
Decision Support Systems 0.989 0.171
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The Shapiro-Wilk was conducted to verify that data collected was normally
distributed across sample units in order to verify the normality of the collected data. The
null hypothesis for the normality test is that data is derived from a specific distribution in
order to compare the scores of the search sample with a normally distributed range of
results under the same mean and standards deviation. The p-values (sig) in the normal
distribution must be greater than 0.05; typically, else will not be normally distributed

(Hair et al., 2010).

Table (4.9): The Normal Distribution of Study Variables reveals that the majority of
variables exhibit p-values greater than 0.05 for Shapiro-Wilk tests. This suggests that

these variables can be considered normally distributed.

Adequacy of the data to test the study hypotheses

Table (4.10): Results of variance inflation factor, tolerance of the independent

variables
Variables Tolerance VIF
Descriptive Analytics 0.239 4.178
Independent Variable Predictive Analytics 0.262 3.815
Prescriptive Analytics 0.252 3.963
Moderator DSS 0.224 4.457

Multicollinearity was tested using the Tolerance and Variance Inflation Factory (VIF)
test for each independent variable in the study, taking into account that according to Hair
et al (2010) the value of (10) should not be exceeded by (VIF). Obviously evident from
the findings below regarding the independent variables there was no problematic issue
amongst the independent variable dimensions, as indicated by the VIF values of each

dimension. The tolerance values were also greater than the value of (0.05) of each
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variable, which shows that there was no multicollinearity issue among all the dimensions.

This is shown in the table (4.10) above.

The First Main Hypothesis

HO1: There is no statistically significant impact of Business Analytics with all its

dimensions (Descriptive, Predictive and Prescriptive Analytics) on Strategic Change at a

level of significance (o> 0.05) in Food Import Companies in Amman- Jordan

In order to test this hypothesis SPSS v27 software (version 20) were applied. This

software is SEM-PLS based statistical analysis program, in addition to confirmatory

factor analysis CFA and descriptive statistics that can be carried by using this software.

The results are included within the following table indicate.

Table (4.11): SEM-PLS Analysis for Testing the Impact of Business Analytics on

Strategic Change

Adjusted
IV - Path - DV B t Sig | R?
R2
Business Analytics ->  Strategic | 0.92 | 25.85 | 0.00
Change 0 0
Descriptive  Analytics ->  Strategic | 0.14 | 2.256 | 0.02
Change 6 4 0.80
0.797
0.31 |5.112 [0.00 |0
Predictive Analytics -> Strategic Change ‘ 0
Prescriptive  Analytics -> Strategic | 0.50 | 10.79 | 0.00
Change 1 8 0

(Tabulated t =1.96)
Table (4.11) presents the results of the SEM-PLS analysis for testing the impact of

Business Analytics on Strategic Change, addressing the First Main Hypothesis in Food

Import Companies in Amman, Jordan. The path coefficients (p) indicate the strength and

direction of the relationships. Descriptive Analytics has a significant positive impact (f =



88

0.146, T = 2.256, Sig = 0.024) on Strategic Change. Predictive Analytics exhibits a
stronger positive impact (B =0.316, T =5.112, Sig = 0.000), while Prescriptive Analytics
shows the most substantial positive impact (B = 0.501, T = 10.798, Sig = 0.000),
explaining 80% of the variance (R? = 0.800) with high model fit (Adjusted R? = 0.797).
The results suggest that Business Analytics, particularly its predictive and prescriptive
dimensions, significantly influences and predicts changes in strategic initiatives within

the context of food import companies in Amman, Jordan.

This can be inferred from the questionnaire paragraphs related to descriptive,
predictive and perspective analytics, including their tools and methods have been used in
participated companies, which showed depending on the study sample (Managers) that
the use of these tools and methods have an impact on strategic change regardless the

difference of its level.

Therefore, the null hypothesis is rejected which is (There is no statistically significant
impact of Business Analytics with all its dimensions (Descriptive, Predictive and
Prescriptive Analytics) on Strategic Change at a level of significance (o > 0.05) in Food

Import Companies in Amman- Jordan)

And the alternative one is accepted which is (There is statistically significant impact
of Business Analytics with all its dimensions (Descriptive, Predictive and Prescriptive
Analytics) on Strategic Change at a level of significance (a < 0.05) in Food Import

Companies in Amman- Jordan)
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Figure 4.2: The impact of Business Analytics with all its dimensions
(Descriptive, Predictive and Prescriptive Analytics) on Strategic Change

Sub Hypothesis 1

HO1..: There is no statistically significant impact of Business Analytics with all its
dimensions (Descriptive, Predictive and Prescriptive Analytics) on Evolution Change at
a level of significance (o > 0.05) in Food Import Companies in Amman- Jordan

In order to test this hypothesis SPSS v27 software (version 20) were applied. This

software is SEM-PLS based statistical analysis program, in addition to confirmatory
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factor analysis CFA and descriptive statistics that can be carried by using this software.

The results are included within the following table indicate.

Table (4.12): SEM-PLS Analysis for Testing the Impact of Business Analytics on

Evolution Change

IV - Path - DV B t Sig | R? Adjusted
R2
Business Analytics -> Evolution Change | 0.93 | 21.3 | 0.00
2 0

Descriptive  Analytics -> Evolution | 0.08 | 1.02 | 0.30 | 0.73 | 0.729
Change 0 8 4 3
Predictive Analytics -> Evolution Change | 0.33 | 4.88 | 0.00

0 8 0
Prescriptive  Analytics -> Evolution | 0.50 | 9.19 | 0.00
Change 8 0 0

(Tabulated t =1.96)
Table (4.12) presents the SEM-PLS analysis results for testing the impact of Business

Analytics on Evolution Change, addressing Sub Hypothesis 1 in Food Import Companies

in Amman, Jordan. The path coefficients (B) indicate the strength and direction of the

relationships. Descriptive Analytics shows a non-significant positive impact (f = 0.080,

T =1.028, Sig = 0.304) on Evolution Change. Predictive Analytics exhibits a significantly

positive impact (B = 0.330, T = 4.888, Sig = 0.000), while Prescriptive Analytics

demonstrates the most substantial positive impact (f = 0.508, T = 9.190, Sig = 0.000).

The model is explaining 73.3% of the variance (R? = 0.733) with a good model fit

(Adjusted Rz = 0.729). These results suggest that, within the context of food import

companies in Amman, Jordan, Business Analytics, especially its predictive and

prescriptive dimensions, significantly influences and predicts changes in evolution-

related aspects.
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This can be inferred from the questionnaire paragraphs related to descriptive,
predictive and perspective analytics, including their tools and methods have been used in
participated companies, which showed depending on the study sample (Managers) that
the use of predictive and perspective analytics tools and methods have an impact on
evolution change while the descriptive analytics tools and methods have no impact on

evolution change.

Therefore the null hypothesis is rejected for both Predictive and Prescriptive
Analytics which is (There is no statistically significant impact of Business Analytics with
its dimensions (Predictive and Prescriptive Analytics) on Evolution Change at a level of

significance (a > 0.05) in Food Import Companies in Amman- Jordan)

And the alternative one is accepted which is (There is statistically significant impact
of Business Analytics with its dimensions (Predictive and Prescriptive Analytics) on
Evolution Change at a level of significance (a0 < 0.05) in Food Import Companies in

Amman- Jordan)

While for Descriptive Analytics the null hypotheses is not rejected which is (There is
no statistically significant impact of Descriptive Analytics on Evolution Change at a level

of significance (a0 > 0.05) in Food Import Companies in Amman- Jordan).
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Figure 4.3: The impact of Business Analytics with all its dimensions

(Descriptive, Predictive and Prescriptive Analytics) on Evolution Change
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Sub hypothesis 2

HO1..: There is no statistically significant impact of Business Analytics with all its
dimensions (Descriptive, Predictive and Prescriptive Analytics) on Revolution Change at

a level of significance (o > 0.05) in Food Import Companies in Amman- Jordan

In order to test this hypothesis SPSS v27 software (version 20) were applied. This
software is SEM-PLS based statistical analysis program, in addition to confirmatory
factor analysis CFA and descriptive statistics that can be carried by using this software.
The results are included within the following table indicate.

Table (4.13): SEM-PLS Analysis for Testing the Impact of Business Analytics on
Revolution Change

Adjusted

IV - Path — DV B t Sig R?
RZ

Business Analytics -> Revolution | 0.92 22.84 | 0.000
Change
Descriptive Analytics -> Revolution | 0.199 | 2.995 | 0.003 0.748 | 0.744

Change
Predictive Analytics -> Revolution | 0.278 | 3.779 | 0.000

Change

Prescriptive Analytics -> Revolution | 0.455 | 8.009 | 0.000
Change

(Tabulated t =1.96)
Table (4.13) outlines the SEM-PLS analysis results for testing the impact of Business

Analytics on Revolution Change, addressing Sub Hypothesis 2 in Food Import
Companies in Amman, Jordan. The path coefficients () show the strength and direction
of the relationships. Descriptive Analytics demonstrates a significantly positive impact (3
=0.199, T = 2.995, Sig = 0.003). Predictive Analytics displays a statistically significant

positive impact (B =0.278, T =3.779, Sig = 0.000), while Prescriptive Analytics exhibits
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the most substantial positive impact (f = 0.455, T = 8.009, Sig = 0.000), explaining 74.8%
of the variance (R? = 0.748) with a good model fit (Adjusted R? = 0.744). These findings
suggest that, within the context of food import companies in Amman, Jordan, Business
Analytics, particularly its prescriptive dimension, significantly influences and predicts

changes associated with revolutionary transformations.

This can be inferred from the questionnaire paragraphs related to descriptive,
predictive and perspective analytics, including their tools and methods have been used in
participated companies, which showed depending on the study sample (Managers) that
the use of these tools and methods have an impact on Revolution change regardless the

difference of its level, which lean more to the side of prescriptive analytics.

Therefore, the null hypothesis is rejected which is (There is no statistically significant
impact of Business Analytics with all its dimensions (Descriptive, Predictive and
Prescriptive Analytics) on Revolution Change at a level of significance (a.>0.05) in Food

Import Companies in Amman- Jordan)

And the alternative one is accepted which is (There is statistically significant impact
of Business Analytics with all its dimensions (Descriptive, Predictive and Prescriptive
Analytics) on Revolution Change at a level of significance (o < 0.05) in Food Import

Companies in Amman- Jordan).
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Figure 04.4: The impact of Business Analytics with all its dimensions
(Descriptive, Predictive and Prescriptive Analytics) on Rvolution Change

The second main hypothesis

HO02: Decision Support Systems does not moderate the impact of Business Analytics on
Strategic Change at a level of significance (a0 > 0.05) in Food Import Companies in

Amman- Jordan.

To test the second main and sub hypothesis hierarchal multiple regressions analysis

program were applied.
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Table (4.14): Results of Hierarchical Multiple Regression Analysis to assess the
moderating role of DSS on the impact of Business Analytics on Strategic Change

Dependent | Independent First Model Second Model
Variable Variable
B t Sig* | B t Sig*
Business Analytics | 0.92 25.8510.00 | 0.566 8.468 | 0.000
Decision Support 0.378 6.106 | 0.000
Systems
Strategic
R 0.885 0.905
Change
R? 0.783 0.820
AR 0.783 0.037
AF 667.977 37.279
Sig. AF 0.000 0.000

(Tabulated t =1.96)

Table (4.14) reveals the results of the hierarchical multiple regression analysis for
testing hypothesis HO0.2, which examines wh